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Abstract: Multiple lines of observational evidence indicate that the global climate has been getting
warmer since the early 20th century. This warmer climate has led to a global mean sea level rise
of about 18 cm during the 20th century, and over 6 cm for the first 15 years of the 21st century.
Regionally the sea level rise is not uniform due in large part to internal climate variability. To better
serve the community, the uncertainties of predicting/projecting regional sea level changes associated
with internal climate variability need to be quantified. Previous research on this topic has used
single-model large ensembles with perturbed atmospheric initial conditions (ICs). Here we compare
uncertainties associated with perturbing ICs in just the atmosphere and just the ocean using a
state-of-the-art coupled climate model. We find that by perturbing the oceanic ICs, the uncertainties in
regional sea level changes increase compared to those with perturbed atmospheric ICs. Thus, in order
for us to better assess the full spectrum of the impacts of such internal climate variability on regional
and global sea level rise, approaches that involve perturbing both atmospheric and oceanic initial
conditions are necessary.
Keywords: sea level rise; ensemble simulation; climate change
1. Introduction
Observations indicate that since the mid-20th century, ocean heat content is increasing [1,2],
ice caps and mountain glaciers are retreating [3–5], and the Greenland and Antarctic ice sheets are
losing mass [6–12]. As the ocean becomes warmer, seawater expands, leading to a thermal steric sea
level rise. The changes of the air-sea interaction in terms of evaporation and precipitation over the
ocean and the changes of ocean circulation can also affect the local and global sea level through the
changes in ocean salinity (halosteric sea level change). The retreat of land based ice (glaciers and ice
sheets), on the other hand, resulting in more water discharged from land to sea, leads to an ocean
mass increase and thus to a eustatic sea level rise. During the 20th century, the observed global
mean sea level increased by 18 cm (e.g., Refs. [7,13]), and another 6 cm during the first 15 years of
the 21st century [14]. Studies also suggest that the rates of sea level change may have accelerated
in the 21st century (e.g., Refs. [10,15]). Rising sea levels could potentially pose significant threats to
coastal and island communities (e.g., Refs. [7,13,16–20]). Moreover, multiple studies have indicated
that regional sea level rise (SLR) is not uniform, and could be significantly different from the global
mean and among different regions because of the internal climate processes (e.g., Refs. [13,21–28]).
To successfully predict future regional SLR in order to benefit human society, it becomes necessary to
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better assess the SLR uncertainties associated with these internal climate processes, such as examining
ocean dynamics.
Ocean dynamics are affected by exchanges of momentum, heat and freshwater between air and
sea. Modulations in these exchanges due to internal climate processes or external forcing will affect
both the wind-driven gyre circulation and the thermohaline-driven overturning circulation in the
ocean (see Ref. [29] for details). As a result, there will be either redistribution of heat and salt in the
ocean if there are no changes in external forcing, or a net gain or loss of heat and salt if there are
changes in external forcing. This redistribution or net gain/loss of heat and/or of salt in the ocean
will change the local seawater density and lead to subsequent changes in regional and/or global sea
level through thermosteric and halosteric effects. Previous studies have used multi-model ensembles
(such as simulations from the Coupled Model Intercomparison Project Phase 5 (CMIP5) models) or
single-model perturbed initial-condition ensembles (such as simulations with the Community Climate
System Model version 3: CCSM3) to assess the influence of internal climate processes on SLR and
associated uncertainties in their prediction/projection [22,24,30]. In CCSM3, while global mean SLR is
not appreciably altered by internal climate processes among different ensemble members, regional SLR
can differ significantly from one ensemble member to another [24]. The degree to which this spread in
regional SLR among different ensemble members depends on the details of how the ensemble members
are initialized (e.g., whether just in the atmosphere as in CCSM3, or also in the ocean) remains to
be investigated.
In the multi-model ensemble such as CMIP5, both regional and global mean SLR projections can be
significantly different from one model to another under the same external forcing conditions [13,22,31].
This suggests that differences in model physics and possibly also in model horizontal and vertical
resolutions may have affected regional and global SLR projections. These differences may also imply
that the ocean state in each model and the method by which it is initialized could play a role in
determining future projected SLR. Thus, understanding the impact of the details of the ensemble
initialization procedure may inform the interpretation of model spread in SLR in multi-model archives
such as CMIP5.
Conventionally, a large ensemble of simulations with a given coupled climate model is generated
by adding small random perturbations to the atmospheric initial states, keeping initial conditions
in the other model components and in the radiative forcing the same. For example, the CCSM3
40-member ensemble uses different days in a given year for the atmospheric initial conditions in
each simulation, but with identical ocean, sea ice, and land initial states [32–35]. In the Community
Earth System Model version 1 (CESM1) large ensemble, a round-off level perturbation is added in the
atmospheric initial temperature field [36]. Since the CMIP5 multi-model ensemble shows wide spread
of projected global mean SLR under the same external forcing which may have hinted at an important
role for the oceanic initial state, here we assess how perturbing the oceanic initial state will affect
simulated regional and global mean SLR in comparison with perturbing just the initial atmospheric
state using a single model—CCSM version 4 (CCSM4). The time frame we are interested in here is
decadal to multi-decadal.
The remainder of the study is structured as follows. Section 2 details the CCSM4 model and the
experimental design; Section 3 contains the results and Section 4 summarizes the findings in this paper.
2. Model and Experiments
The model used here is the National Center for Atmospheric Research Community Climate System
Model version 4 (CCSM4), which is a fully coupled climate model and is developed by collaboration
between NCAR scientists, scientists from US Department of Energy laboratories, and university
scientists [37]. This model contains the Community Atmospheric Model version 4 (CAM4) with
26 vertical levels and a horizontal resolution of 1 degree, the Parallel Ocean Program (POP) version 2
with 60 levels vertically and nominal 1 degree resolution horizontally, the Community Land Model
version 4 (CLM4), and the Community Ice Code version 4 (CICE4). The equilibrium climate sensitivity
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of this model to a CO2 doubling is 3.2 ◦C and the transient climate response from a 1% CO2 simulation
around the time of CO2 doubling is 1.73 ◦C, near the median values among the CMIP5 models [38].
Three sets of experiments are used here. The first set is a 30-member ensemble of simulations
in which a random round-off level (10−14 K) perturbation is introduced into the initial atmospheric
temperature field and the initial conditions (ICs) from all other atmospheric fields and other model
components (land, sea ice, and ocean) are kept identical. These ensemble simulations are branched
(on 1 January 1970) from the same 20th century simulation forced by time-evolving “all-known”
external forcings, such as CO2, methane, volcanic and anthropogenic aerosols, and solar forcing, and
are run from 1 January 1970 to 31 December 2005. Hereafter, we call the atmospheric and oceanic ICs
(the latter are identical for all members) used in this ensemble simulation as ATM1 and OCN1, and
refer to this ensemble as “ATM small” (small perturbation in the initial atmospheric condition).
The second and third sets of ensemble simulations are run with much larger perturbations in
the initial atmospheric or oceanic conditions (hereafter referred to as “ATM large” and “OCN large”).
To form these ensembles, we make use of the ocean and atmospheric states on 1 January 1970 from six
different 20th-century all-forcing simulations of CCSM4. These states are used as initial conditions
of atmosphere or ocean for our additional experiments, and are hereafter referred to as ATM1–6
and OCN1–6, respectively (e.g., ATM2 refers to the atmospheric state on 1 January 1970 from the
second 20th century all-forcing simulation, ATM3 from the third 20th century simulation, and so on).
Note that the six 20th century simulations differ in terms of when they were branched from the 1850
pre-industrial control simulation (see Table 1). Fifteen additional simulations covering the period
1 January 1970 to 31 December 2000 using various combinations of the six atmospheric and oceanic
ICs (e.g., ATM 1–6 and OCN 1–6) were performed as follows. Five simulations were carried out using
initial conditions ATM1 (sub-ensemble ATM1), four simulations using ATM2 (sub-ensemble ATM2),
four simulations using ATM5 (sub-ensemble ATM5), and two simulations using ATM3 (sub-ensemble
ATM3) (see Figure 1a). By adding the unperturbed original six CCSM4 20th century simulations
using each of the ATM1–6, respectively, the total number of the simulations in this ensemble is 21.
For these simulations, the ICs in the other model components other than the ocean were taken from
the same simulation as the ATM, but the ICs for ocean model is either from the same simulation as the
ATM (unperturbed original simulations) or from the ocean ICs other than that one which is consistent
with the ATM ICs (Figure 1a). Another way to look at these simulations is to sort these simulations
based on the same ocean ICs. For each of the oceanic initial conditions OCN2 to OCN6, 4 simulations
were carried out (Figure 1b). For these simulations, the ICs in the other three model components
including the atmosphere were randomly chosen from ATM1 to ATM6 (Table 1 provides salient details
of each simulation).
Table 1. Global mean sea level. 1







OCN1/ATM small 863 2.84 2.79 30 4.09 ± 0.11
OCN2 893 2.34 2.48 4 4.43 ± 0.10
OCN3 937 1.42 2.57 4 4.38 ± 0.05
OCN4 953 1.23 2.48 4 4.25 ± 0.06
OCN5 987 0.95 2.33 4 4.25 ± 0.23
OCN6 1031 0.05 2.61 4 4.37 ± 0.09
ATM large - - 2.49 20 4.34 ± 0.10
OCN large - - 2.49 21 4.35 ± 0.11
1 There are six CCSM4 historical all forcing simulations from 1850 to 2005. The year for each of the historical
simulations branched from the 1850 pre-industrial control simulation is listed in the second column of the table.
The global mean sea level relative to control run mean (800–1299) for each historical run at year 1850 is listed in the
third column. The sea level change relative to 1850 for 1970 is listed in the fourth column. Column 5 is the number
of ensemble for each of the six ocean initial states. Column 6 is the sea level change relative to 1970 at 2005. The unit
for sea level rise is cm.
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Figure 1. Schematic plot for the atmospheric (ATM) large and ocean (OCN) large simulations: the 
arrows point from atmospheric initial condition to the oceanic initial condition for panel (a) and from 
oceanic initial condition to atmospheric initial condition for panel (b). Blue arrows represent the 
original six 20th century all forcing simulations; other color arrows represent the sub-ensemble 
simulations from a common atmospheric or oceanic initial conditions with different oceanic or 
atmospheric initial conditions respectively. 
We then use these additional experiments in various combinations to form “ATM large” and 
“OCN large” as follows. To form ATM large, we sort them based on the same oceanic initial 
condition, but different atmospheric initial conditions. To form OCN large, we sort them based on 
the same atmospheric initial condition, but different ocean initial conditions. As outlined in the 
previous paragraph, these simulations are initialized differently from the ensemble simulations of 
CCSM3, CESM1 and ATM small which is essentially initialized from the same oceanic IC with small 
perturbations in atmospheric ICs. The ICs of both atmosphere and ocean in these latter simulations 
are significantly altered. To construct ATM large (OCN large), we have to remove the sub-ensemble 
mean SLR with the same ocean (atmospheric) IC first, then the ensemble mean SLR from the 20-
member (21-member) ensemble is added back to each of the 20 (21) ensemble members. For example, 
in the sub-ensemble of ATM1, there are six ensemble members. The ensemble mean of this sub-
ensemble is removed first before the full ensemble of ATM large is constructed (see Figure 1). This is 
equivalent to removing the dependence of the SLR variation on the unperturbed different ocean 
(atmosphere) ICs. What we will discuss later is the variance of the SLR due to the perturbation of the 
ocean or atmospheric ICs, which are at least partially independent of the differences among the 
Figure 1. Schematic plot for the atmospheric (ATM) large and ocean (OCN) large simulations: the
arrows point from atmospheric initial condition to the oceanic initial condition for panel (a) and from
oceanic initial condition to a mosphe ic initial conditi n for panel (b). Blu arrows repre nt the original
six 20th century all forcing simulations; other color arrows represent the sub-ensemble simulations
from a common atmospheric or oceanic initial conditions with different oceanic or atmospheric initial
conditions respectively.
We then use these additional experiments in various combinations to form “ATM large” and
“OCN large” as follows. To for ATM large, we sort them based on the same oceanic initial
condition, but different atmospheric init al co ditio s. To orm OCN large, we sort them based
on the same atmospheric initial condition, but different ocean initial conditions. As outlined in the
previous paragraph, these simulations are initialized differently from the ensemble simulations of
CCSM3, CESM1 and ATM small which is essentially initialized fro the same oceanic IC with small
perturbatio s in atmo pheric ICs. The ICs of both at osphere and oc an in these latter imulations are
significantly altered. To construct ATM large (OCN large), we have to remove the sub-ensemble mean
SLR with the same ocean (atmospheric) IC first, then the ensemble mean SLR from the 20-member
(21-member) ensemble is added back to each of the 20 (21) ensemble members. For example, in the
sub-ensemble of ATM1, there are six ensemble members. The ensemble mean of this sub-ensemble is
removed first before the full ensemble of ATM large is constructed (see Figure 1). This is equivalent to
removing the dependence of the SLR variation on the unperturbed different ocean (atmosphere) ICs.
What we will discuss later is the variance of the SLR due to the perturbation of the ocean or atmospheric
ICs, which are at least partially independent of the differences among the unperturbed ocean or
atmospheric ICs. Note that we have used six different ocean or atmospheric ICs for these simulations.
The ocean component (POP) of CCSM4 uses the Boussinesq approximation that requires
conservation of the total ocean volume. Therefore POP can only simulate the dynamic component of
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SLR associated with the redistribution of heat and salt (this term has a global mean of zero) which
is related to ocean circulation changes caused by variations of the momentum, heat and freshwater
exchanges between air and ocean. The SLR due to a net gain or loss of heat and salt (steric components
of SLR) is diagnosed off-line based on Greatbatch [39] in CCSM4 [24]. Currently, the influence of net
freshwater gain due to land-based ice melt, human water management (eustatic) and local vertical
land movement (e.g., Refs. [13,29,40]) on SLR is not incorporated in CCSM4 and most other climate
models participating CMIP5. Efforts to count this effect offline have been made in recent years
(e.g., Refs. [41–43]). The Intergovenmental Panel on Climate Change (IPCC) 5th Assessment Report
(AR5) is the first IPCC assessment report that combined the effect of anthropogenic forcings, glacial
isostatic adjustment, melting of glaciers, and icesheet surface mass balance on regional relative sea
level by simply assuming that these terms can add up linearly [13]. It is still a research question about
how these processes will interact and feedback to each other and whether the effects of these processes
on SLR can be linearly added. Therefore, here we focus only on the contribution of the dynamic and
diagnosed thermosteric components of SLR, and refer to their sum as the total SLR, and assess how a
perturbed ocean and/or atmospheric initial condition(s) will affect regional and global SLR.
3. Results
Figure 2a shows time series of simulated global mean sea level for each of the six 20th
century simulations (colored curves) superimposed upon a 500-year segment (years 800–1299) of
the pre-industrial (1850) control run (gray curve) from which they were branched. Figure 2b is the
same as Figure 2a except that the linear trend in the control run (based on years 800–1299) has been
removed from all curves. Note that the colored curves span a 155-year period (corresponding to the
years 1850–2005). In the control run, the almost linear decrease of global mean sea level suggests
that the ocean is losing heat at nearly a constant rate, and the resulting rate of sea level fall is about
0.16 cm/decade (8 cm in 500 years). As can be seen, the time evolution of SLR is nearly the same
in each of the six 20th century simulations, with only minor differences. The short-lived downward
spikes in sea level in each simulation are associated with volcanic eruptions [44]. From Figure 2, it is
also clear that the time evolution of global mean SLR with the same ocean initial condition is nearly
the same regardless whether the control run SLR trend is removed or is not. The spread for each of the
six different initial ocean states is very small, as indicated by the nearly invisible shading which shows
the individual members of the ensemble simulations. For example, the left-most one represents the
first ensemble—the ATM small. From this point on, we shall only discuss results based on removing
the control run trend from each of the 20th century simulations and each of the perturbed initial
condition simulations.
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Figure 2. Time evolution of the global mean sea level for the control and six historical runs with (a) 
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simulations are branched from the 1850 control run. The dots on the top show the ending year of each 
individual 20th century runs (year 2005). 
The top panel of Figure 3 summarizes the amount of global mean SLR averaged over the period 
1996–2005 (the last decade of the simulations) relative to the mean of 1970–1979, while bottom panel 
of Figure 3 shows the overall rate of SLR expressed as a linear trend during 1970–2005. In both cases, 
the results are stratified by type of initial condition uncertainty (e.g., ATM small, ATM large, and 
OCN large). After the removal of the control run trend, the global mean SLR with different ocean 
initial conditions is a bit larger than that with the same ocean initial conditions, implying that the 
oceanic initial state may affect the total amount of heat absorbed by the ocean under greenhouse gas 
forcing (Table 1, Figure 3). Both metrics show similar results. In particular, the ensemble-mean values 
are approximately 3% smaller for ATM small compared to ATM large and OCN large, while the 
spread across ensemble members (measured by their standard deviation) is relatively small (order 
less than 5% of the mean value) for all three ensembles. Therefore, these small differences in global 
mean SLR among different ensembles and within the same ensemble suggest that internal climate 
processes do not significantly alter the rate of total additional heat absorption by the ocean induced 
by changes in external forcing on time scale longer than a decade, agreeing well with previous studies 
(e.g., Ref. [24]). However, the external forcing and internal variability do affect the temporal evolution 
of the global mean SLR ash shown in Figure 2 (e.g., Refs. [24,25]). 
 
Figure 2. Time evolution of the global mean sea level for the control and six historical runs with
(a) or without (b) the control run trend. The shadings are each individual member from each of the
six different ocean initial states. The dots at the bottom of panel (b) indicate when the 20th century
simulations are branched from the 1850 control run. The dots on the top show the ending year of each
individual 20th century runs (year 2005).
The top panel of Figure 3 summarizes the amount of global mean SLR averaged over the period
1996–2005 (the last decade of the simulations) relative to the mean of 1970–1979, while bottom panel of
Figure 3 shows the overall rate of SLR expressed as a linear trend during 1970–2005. In both cases,
the results are stratified by type of initial condition uncertainty (e.g., ATM small, ATM large, and OCN
large). After the removal of the control run trend, the global mean SLR with different ocean initial
conditions is a bit larger than that with the same ocean initial conditions, implying that the oceanic
initial state may affect the total amount of heat absorbed by the ocean under greenhouse gas forcing
(Table 1, Figure 3). Both metrics show similar results. In particular, the ensemble-mean values are
approximately 3% smaller for ATM small compared to ATM large and OCN large, while the spread
across ensemble members (measured by their standard deviation) is relatively small (order less than
5% of the mean value) for all three ensembles. Therefore, these small differences in global mean SLR
among different ensembles and within the same ensemble suggest that internal climate processes do
not significantly alter the rate of total additional heat absorption by the ocean induced by changes in
external forcing on time scale longer than a decade, agreeing well with previous studies (e.g., Ref. [24]).
However, the external forcing and internal variability do affect the temporal evolution of the global
mean SLR ash shown in Figure 2 (e.g., Refs. [24,25]).
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Figure 3. The global mean decadal sea level rise averaged over 1996–2005 relative to the mean
sea level in 1970–1979 (top), and the decadal trend of the global mean sea level rise (1970–2005)
(bottom). The bars show the ± SD. The dot sizes indicate the relative side of the perturbation in the
initial conditions.
Regionally, the influence of perturbing the oceanic or atmospheric initial conditions can be much
larger than for the global mean. Figure 4 shows the geographic locations of selected coastal cities
whose SLR we examine next. Figure 5 shows the 1996–2005 mean SLR anomaly relative to the mean
of 1970–1979 while Figure 6 shows the linear trend in SLR over the period 1970–2005 for these cities.
In all three ensembles, the decadal mean SLR anomalies and the decadal trends are, in general, higher
than the global mean for east coast cities, but lower than the global mean for west coast cities, agreeing
with previous studies [24–28]. The variab lity of the SLR decadal mean anomalies and the decadal
trends for these sel cted cities is mu h larger than e global mean regardless of initial-condition type.
For example, the standard deviation of the decadal mean SLR anomaly across ensemble members
for New York is 1.3–2.2 cm (22–40% of the ensemble mean SLR anomaly) vs. 0.11–0.12 cm (–3% of
the ensemble mean SLR anomaly) for the global mean, and for decadal trends for New York it is
0.45–0.77 cm/decade (21–35% of the ensemble mean SLR trend) vs. 0.04–0.05 cm/decade (–3% of the
ensemble mean SLR trend) for the global mean. In both OCN large and ATM large, more cities show
greater ensemble spread compared to ATM small for both decadal mean anomalies and decadal trends
(red triangles in Fi ures 5 and 6). It is also apparent that the ensemble spread of both the decadal
mean SLR a omalies and the decadal trends at most cities is larger (red circles) for OCN large than
ATM large. These results indicate that by perturbing the ocean initial condition, larger variability
in regional SLR is introduced compared to simulations with only the atmospheric initial condition
being perturbed.
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Figure 5. Decadal mean sea level rise for selected cities in the three ensemble simulations (1996–2005
relative to 1970–1979). Unit is cm. The triangles represent the ratio of the decadal mean SLR standard
deviation across ensemble member between ATM large and ATM small (top), between OCN large
and ATM small (bottom); and open circles represent the ratio between OCN large and ATM large.
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To quantify differences in the SLR variability at each selected city among different ensembles
further, the ratio of the standard deviation for the decadal mean SLR anomalies and the SLR decadal
trends is calculated. As shown in Figure 7, in comparison to the ATM small, the variabilities of the
SLR decadal mean anomalies and decadal trends are close to 30% smaller for most of the cities in the
ATM large ensemble, however these variabilities are more than 30% larger for many cities in the OCN
large ensemble. Moreover, the comparison between the OCN large and ATM large ensembles indicates
that these variabilities are more than 30% larger in over 50% of the cities, and in some cities, these
variabilities are nearly doubled in the OCN large ensemble than in the ATM large ensemble, such as
Dar es Salaam, on the east coast of Africa. This result further suggests that the perturbation of the
ocean initial conditions is capable of generating larger SLR variability than perturbing the atmospheric
initial condition alone at least in some of these coastal cities.
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and the SLR decadal trend (1970–2005) for the selected cities and global mean. ATM S is ATM small,
ATM L is ATM large and OCN L is OCN large. Red represents a ratio greater than 1, and blue less than
1. The green/orange dashed lines represent 30% above and 30% below 1.
Next, the regional SLR decadal mean anomalies and decadal trends and their variabilities on the
globe are shown in Figures 8 and 9. In general, the patterns of the SLR decadal mean anomalies are
similar among all three ensembles, such as a larger SLR anomaly in the Southern Oceans, subpolar
North Atlantic, and a smaller SLR anomaly in most parts of eastern Pacific and subtropical Atlantic.
The variabilities of the SLR decadal mean anomalies are greater in the Pacific except the equatorial and
eastern Pacific, the subpolar North Atlantic, Southern Oceans, and western Indian Ocean, smaller in
the equatorial and subtropical Atlantic, Northern and eastern Indian Ocean. The SLR decadal trend
and variability patterns are very similar to those of the SLR decadal mean anomalies.
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Figure 9. Regional decadal sea level rise trend (left) and its standard deviation (right) for period
1970–2005. The contour interval for left panels is 0.4 cm/decade, and for the right panels is
0.1 cm/decade.
The variability patterns in the Pacific are similar to the Interdecadal Pacific Oscillation (IPO)—a
major mode of Pacific internal variability on a multi-decadal timescale [45,46]. Both observational
and modeling s udies show th t the SLR variability in the Pacific can be sig ificantly affected by IPO
(e.g., Refs. [46–51] and see Ref. [52] for more detailed review). In the negative phase of the IPO, the
eastern equatorial Pacific is cooler than normal, the easterlies are stronger than normal, leading to a
stronger than normal equatorial Ekman divergence and the subtropical Ekman convergence. As a
result, the equatorial upwelling and subtropical downwelling are both stronger than normal. This will
reduce the heat content in the equatorial Pacific and increase it in the subtropics [53], thus, a higher sea
level rise in the western Pacific, a lower one in the eastern Pacific as shown by recent observational
based studies (e.g., Refs. [48,50,54]). Moreover, studies show that IPO is an internal climate variability
and the IPO phases are not significantly influenced by changes of the external forcings. The phases of
the IPO from different ensemble members are not consistent, thus lead to different variability among
different ensemble members [55]. Therefore, the resulting SLR variability is also larger, especially in
the subtr pical western Pacific.
In th subpolar North Atlantic, the SLR va iability is mostly affected by the North Atlantic
Oscillation (NAO)—a mode of variability that is possibly intrinsic to the atmosphere or is a coupled
variability between the air and sea (e.g., Refs. [56–60]). Previous studies suggest that the decadal
timescale NAO variability can significantly affect the wind and buoyancy forcing in the subpolar
North Atlantic, and modulate the strength of the deep convection there, and subsequently the strength
of the Atlantic meridional ove turning irculation (AMOC) [61–63]. AMOC is a global scale ocean
circulation th t transports warm salty water to the subpolar North Atlantic, where this water losses
heat to the atmosphere and sinks to depth, and then flows southward and upwells elsewhere in the
global ocean. The heat transported by this circulation can affect the sea level changes in the Atlantic
basin [24,30,51,62,64]. The changes of the AMOC and the upper ocean stratification affect the upper
ocean circulation and the regional SLR. As indicated by Ref. [51], NAO can affect the variability of SLR
in the subpolar North Atlantic, but due to its lack of a longterm trend, the NAO does not significantly
affect the SLR long term trend. Therefore, the high SLR variability in the subpolar North Atlantic in all
ensemble simulations is associated with the NAO variability and its modulation of the AMOC.
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In the Southern oceans, the large SLR variability is associated with the changes of Southern
Ocean winds, possibly caused by the variability of the Southern Annular Mode (SAM)—another
atmospheric mode [65]. The differences across ensemble member in the phases and amplitudes of
the SAM can induce different strength in westerly wind around the southern oceans, altering the
Antarctic circumpolar oceanic currents (ACC) and the regional sea level [51]. The higher SLR away
from Antarctic and lower SLR near the Antarctic continent is related to the strengthening of the
westerly wind and a faster ACC. As a result, the ocean tilts higher north of the ACC and lower south
of the ACC.
To demonstrate further the importance of perturbing the ocean initial condition, the ratio of the
standard deviation for SLR decadal mean and decadal trend among different ensembles is calculated
and shown in Figure 10. In general, these standard deviation ratio patterns of the SLR decadal mean
among different ensembles are similar to those of the SLR decadal trend. However, the ratio of the
former is a bit smaller than the latter, suggesting that the SLR decadal trend is affected by the initial
conditions more than the SLR decadal mean. In comparisons between the ATM large and ATM small
ensembles, there are many places where the SLR decadal mean (trend) variability is larger in the former
than the latter, but there are also many places where the SLR decadal mean (trend) variability is less
in the former than the latter. This result may suggest that the larger or smaller perturbation of the
atmospheric fields may not make a significant difference on the regional sea level change. However, in
comparing the OCN large and ATM small ensembles, it is clear that the variability of the SLR decadal
mean (trend) in the OCN large ensemble is much bigger than that in ATM small in most of regions,
except portions of the Pacific and parts of North Atlantic. Moreover, when OCN large and ATM
large ensembles are compared, the larger variability of the SLR decadal mean (trend) across ensemble
members in the former becomes even more obvious in most regions. In some regions, such as part of
Southern Ocean, south of Australia, South Atlantic, and Indian Ocean, the SLR decadal mean (trend)
variability in OCN large ensemble is twice as large as that in ATM large. Therefore, perturbing the
oceanic initial condition can indeed produce larger internal climate processes induced variance than
perturbing the atmospheric initial condition. This may be a key to understanding why both global
mean SLR and regional SLR differ from one model to another under the same external forcing. From
our analysis, this is at least partly due to the different ocean states in each model other than just due to
the different details of the model physics.
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4. Conclusions
In this study, we investigated the influence of perturbing ocean initial conditions vs. perturbing
atmospheric initial conditions on projected/predicted regional and global SLR through analyzing three
sets of ensemble simulations using a coupled climate model—CCSM4. Our results show that perturbing
the ocean initial conditions in general can produce larger variance on regional sea level change than
perturbing the atmospheric initial conditions, on a multi-decadal timescale. The intra-ensemble
variance for regional SLR in the ensemble with perturbed ocean initial conditions is much larger than
the intra-ensemble variance in the ensemble with only perturbed atmospheric initial conditions. As a
result, the inter-ensemble variance for regional SLR is larger in the ensemble with perturbed ocean
initial conditions than in the ensemble with perturbed atmospheric initial conditions. To a lesser
degree, this is also true for the global mean SLR. Therefore, our results suggest that the inter-model
spread of the projected SLR in CMIP5 models for both global mean and regional SLR may at least
partially be associated to the different ocean states although the different model physics and model
horizontal and vertical resolutions may still play a more dominant role. This is consistent with Ref. [5]
showing that individual CMIP5 models have substantially different climate sensitivity, in part due to
different vertical stratifications of the ocean and thus different capacities to take up anthropogenic heat
anomalies (among other parameters), furthering differences in global mean SLR.
In this study, the ensemble simulations were run for only 36 years, and the ensemble size may not
be large enough to conclusively determine the importance of the perturbing ocean initial conditions on
projected/predicted regional and global SLR, especially on a centennial timescale. Longer simulations
and increasing the number of ensemble members are needed to address these issues in future studies.
Nevertheless, our research sheds more light on the potential impact of the intrinsic variabilities of
the climate system on the projected SLR regional spread and to certain extent uncertainties in SLR.
For future ensemble simulations, especially a set from a single model, perturbing both ocean and
atmospheric initial conditions is necessary to sample the uncertainties of the regional SLR or other
climate variables due to the intrinsic climate variability in our Earth system.
Finally, we would like to mention a caveat on the model biases in simulating the observed ocean
properties, specifically for CCSM4. These model biases have been documented in much detail in
Refs. [66–68], such as the deep convection sites in the subpolar North Atlantic, the ENSO variability etc.
These biases have been improved in this version of the CCSM in comparison to the previous version
of the CCSM. For our study, since we are using the same model, the biases exist in all simulations.
Therefore, when we compare the anomalies of the sea level changes, these biases would be removed
and would not affect our results much.
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